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Abstract	
Financial	inclusion	remains	a	critical	challenge	in	rural	India,	where	demographic	and	socioeconomic	
factors	often	create	significant	barriers	to	accessing	formal	financial	services.	The	study	 	 investigates			
the	 challenges	 to	 rural	 financial	 inclusion	 in	 India	 by	 analysing	 demographic	 characteristics,	
socioeconomic	 factors,	and	demographic	characteristics.	The	 findings	showed	a	positive	relationship	
between	 literacy	 levels	 and	 account	 holding,	 and	 improved	 education	 levels	 increased	 the	 use	 of	
financial	products.	The	study	also	found	that	education	has	a	significant	impact	on	the	chances	of	having	
a	bank	account,	with	respondents	in	the	'Higher	Education'	bracket	having	an	increase	in	their	chances.	
However,	the	affordability	of	loans	and	digital	payments	was	a	significant	issue	in	informal	households.	
The	study	also	found	a	significant	relationship	between	family	income	and	the	type	of	loan	granted	by	
financial	institutions.	This	research	helps	identify	the	layers	of	challenges	faced	by	rural	areas	in	relation	
to	financial	inclusion	and	provides	insights	for	policymakers	and	stakeholders	in	developing	the	right	
interventions	 and	 strategies.	 Financial	 service	 awareness	 creation	 through	 educational	 programs,	
financial	literacy	programs,	employment,	and	business	opportunities	can	help	extend	inclusive	financial	
services,	 enhance	 the	 operational	 abilities	 of	 rural	 communities,	 and	 ensure	 the	 sustainability	 of	
economic	growth.	
This	study	contributes	to	the	existing	literature	with	empirical	evidence	on	specific	barriers	evolving	
around	the	rural	population	of	India.	It	also	highlights	the	importance	of	policy	intervention	in	expanding	
financial	inclusion	in	rural	India.	Policy	implications	include	revising	socioeconomic	dynamics	region-
wise	 and	 identifying	 key	 determinants	 of	 exclusions.	 This	 study	 has	 actionable	 insights	 for	 all	
stakeholders.			
	
1.	Introduction	
Financial	inclusion	has	become	a	crucial	catalyst	for	economic	development	and	poverty	reduction	in	
emerging	 economies,	 especially	 in	 India,	 where	 rural	 populations	 encounter	 ongoing	 obstacles	 to	
accessing	formal	financial	services.		Although	previous	research	has	investigated	financial	inclusion	on	
a	 national	 scale,	 the	 distinct	 challenges	 faced	 by	 rural	 communities	 remain	 insufficiently	 explored,	
despite	their	significant	exclusion	from	the	formal	financial	system.	[1].	Even	though	India	has	made	a	
lot	of	progress	in	building	up	its	banking	infrastructure	through	programs	like	the	Pradhan	Mantri	Jan	
Dhan	Yojana	(PMJDY),	which	has	led	to	more	people	owning	accounts	but	not	necessarily	using	them	in	
rural	areas,	this	gap	still	exists.	[2].	
The	 rural	 financial	 inclusion	 landscape	 is	 influenced	 by	 intricate	 interactions	 among	 socioeconomic	
factors,	 institutional	 impediments,	 and	 behavioural	 tendencies.	 	 Earlier	 studies	 have	 pinpointed	
financial	literacy,	income	levels,	and	geographic	accessibility	as	principal	factors	influencing	inclusion	in	
urban	 settings	 [3].	 	 Nevertheless,	 these	 results	 may	 not	 entirely	 apply	 to	 rural	 contexts,	 where	
agricultural	income	fluctuations,	inadequate	digital	infrastructure,	and	cultural	norms	present	unique	
challenges.		For	example,	research	on	mobile	banking	indicates	disparities	in	technology	access	and	trust	
between	urban	and	rural	areas	[4],	highlighting	the	necessity	for	context-specific	analyses.	
	Our	research	adds	to	this	conversation	by	looking	only	at	rural	India	and	using	a	stratified	sampling	
method	to	show	how	different	demographic	and	socioeconomic	groups	are	different	from	each	other.		
Unlike	previous	studies	that	frequently	compile	national	data	[5],	we	gather	primary	data	via	structured	
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questionnaires	distributed	to	110	rural	respondents,	facilitating	detailed	analysis	of	exclusion	patterns.		
The	research	design	utilizes	both	descriptive	and	inferential	statistical	methods,	such	as	chi-square	tests	
and	 logistic	 regression,	 to	quantify	 relationships	between	variables	 that	previous	qualitative	 studies	
have	merely	indicated	[6].	
	The	uniqueness	of	this	study	resides	in	its	dual	emphasis	on	quantifiable	socioeconomic	variables	and	
their	 policy	 ramifications	 for	 rural	 financial	 ecosystems.	 	 Existing	 literature	 primarily	 focusses	 on	
macroeconomic	 indicators	 [7]	 or	 technological	 solutions	 [8].	 We	 integrate	 these	 viewpoints	 by	
examining	the	interplay	between	individual-level	characteristics	and	systemic	barriers.	This	approach	
yields	actionable	insights	for	designing	targeted	interventions	that	address	the	root	causes	of	exclusion	
rather	than	just	its	symptoms.	
Key	findings	reveal	significant	disparities	in	financial	access	correlated	with	education,	occupation	type,	
and	household	 income—patterns	 that	persist	even	after	controlling	geographic	 factors.	For	example,	
respondents	with	secondary	education	show	2.3	times	higher	likelihood	of	using	formal	credit	compared	
to	 those	 with	 primary	 education	 only.	 These	 results	 challenge	 the	 assumption	 that	 physical	 bank	
proximity	alone	drives	inclusion,	instead	highlighting	the	interplay	between	human	capital	and	financial	
access	[9].	
The	remainder	of	this	paper	is	organized	as	follows:	Section	2	reviews	literature	on	financial	inclusion	
determinants	 and	 rural-specific	 challenges.	 Section	 3	 presents	 the	 conceptual	 framework	 and	
hypotheses	 linking	 socioeconomic	 factors	 to	 inclusion	 outcomes.	 Section	 4	 details	 the	 research	
methodology	 and	 data	 collection	 process.	 Section	 5	 analyzes	 empirical	 findings	 through	 statistical	
models,	 while	 Section	 6	 discusses	 policy	 implications.	 The	 paper	 concludes	 by	 summarizing	 key	
contributions	and	future	research	directions.	
	
2.	Literature	Review	
Financial	 inclusion	 has	 been	 widely	 recognized	 as	 a	 critical	 enabler	 of	 economic	 development,	
particularly	 in	 emerging	 economies	 where	 large	 segments	 of	 the	 population	 remain	 excluded	 from	
formal	 financial	 systems.	 Existing	 research	 has	 explored	 this	 phenomenon	 through	multiple	 lenses,	
ranging	 from	 macroeconomic	 policy	 interventions	 to	 micro-level	 behavioral	 studies.	 This	 section	
synthesizes	key	 findings	 from	prior	work,	 focusing	on	 three	primary	dimensions:	 (1)	 socioeconomic	
determinants	 of	 financial	 inclusion,	 (2)	 rural-specific	 barriers,	 and	 (3)	measurement	 and	 evaluation	
frameworks.	
	
2.1	Socioeconomic	Determinants	of	Financial	Inclusion	
A	substantial	body	of	literature	identifies	income	and	education	as	foundational	predictors	of	financial	
access.	Studies	in	developing	economies	consistently	demonstrate	that	higher	income	levels	correlate	
strongly	with	greater	usage	of	banking	services,	as	evidenced	by	cross-country	analyses	using	Global	
Findex	 data	 [10].	 However,	 the	 relationship	 is	 often	 nonlinear—research	 in	 India	 shows	 that	while	
account	ownership	increases	with	income,	usage	rates	plateau	beyond	certain	thresholds	due	to	product	
mismatches	[11].	Education	also	becomes	a	significant	factor,	although	its	mechanisms	differ	depending	
on	the	context.	 	 In	rural	Odisha,	 financial	 literacy	programs	 led	to	an	18%	increase	 in	account	usage	
among	 participants,	 indicating	 that	 knowledge	 gaps—not	 merely	 access—impede	 inclusion	 [12].		
Similar	 results	 were	 seen	 in	 Karnataka,	 where	 programs	 that	 taught	 women-led	 households	 about	
money	helped	them	save	more	[13].		These	findings	are	consistent	with	extensive	evidence	indicating	
that	 cognitive	 barriers,	 such	 as	 numeracy	 and	 digital	 literacy,	 influence	 the	 relationship	 between	
education	and	inclusion	[3].	 	 	 	Gender	disparities	remain	a	persistent	challenge,	with	women	in	rural	
India	 experiencing	 exacerbated	 exclusion	 due	 to	 sociocultural	 norms	 and	 mobility	 constraints.	 	 An	
examination	 of	 AIDIS	 2019	 data	 indicates	 that	 female-headed	 households	 experience	 23%	 reduced	
credit	access	compared	to	male-headed	households,	even	when	accounting	 for	asset	ownership	[14].		
Qualitative	 research	 identifies	 this	 disparity	 because	 of	 patriarchal	 banking	 practices,	 including	 the	
necessity	of	male	cosigners	for	loans	[15].		
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2.2	Rural-Specific	Barriers	
Rural	financial	ecosystems	have	problems	that	are	different	from	those	in	cities.		The	lack	of	physical	
infrastructure	 is	 still	 a	 major	 problem.	 For	 example,	 87%	 of	 Indian	 villages	 now	 have	 banking	
touchpoints	within	5	km,	but	problems	like	inconsistent	hours	and	a	lack	of	staff	make	it	hard	for	people	
to	use	them	[16].		Studies	have	shown	that	farmers	rely	more	on	informal	lenders	during	lean	seasons,	
even	though	the	interest	rates	are	higher	[17].	This	makes	things	even	harder.	
	Technological	solutions	have	had	mixed	results	when	 it	comes	to	closing	these	gaps.	 	Mobile	money	
platforms	boosted	transaction	volumes	in	Punjab	and	Maharashtra,	but	adoption	rates	stayed	the	same	
in	states	with	low	digital	literacy,	like	Bihar	and	Jharkhand	[18].		This	shows	how	important	it	is	to	invest	
in	 both	 education	 and	 connectivity,	 as	 shown	 by	 the	 success	 of	 Kerala's	 blended	 financial	 literacy	
programs	[19].	
	
2.3	Measurement	and	Methodological	Approaches	
The	 methodological	 diversity	 in	 financial	 inclusion	 research	 illustrates	 the	 intricacy	 of	 quantifying	
multidimensional	access.	 	Earlier	studies	used	binary	metrics	 like	account	ownership	a	 lot,	but	more	
recent	 ones	 use	 composite	 indices	 to	 focus	 on	 usage	 intensity.	 	 The	 Financial	 Inclusion	 Index	 (FII)	
created	 for	 Odisha,	 for	 example,	 uses	 transaction	 frequency	 and	 product	 diversity	 to	 measure	 real	
engagement	[12].	
	Quantitative	 methods	 have	 progressed	 from	 fundamental	 descriptive	 statistics	 to	 sophisticated	
machine	 learning	applications.	 	 Logistic	 regression	 is	 still	 the	most	 common	way	 to	model	 adoption	
probabilities	 [14],	 but	 more	 recent	 studies	 use	 random	 forests	 to	 deal	 with	 nonlinear	 interactions	
between	 socioeconomic	 variables	 [20].	 These	 advancements	 address	 limitations	 of	 traditional	
econometrics	in	capturing	complex,	context-dependent	relationships.	
Our	study	advances	this	literature	by	integrating	rigorous	quantitative	analysis	with	granular	rural	data,	
addressing	 key	 gaps	 in	 three	ways.	 First,	 we	move	 beyond	 aggregate	 national	 statistics	 to	 examine	
localized	patterns	often	obscured	 in	broader	datasets.	Second,	we	simultaneously	model	 supply-side	
(e.g.,	bank	proximity)	and	demand-side	(e.g.,	education)	factors,	unlike	prior	work	that	typically	isolates	
one	dimension.	Third,	our	logistic	regression	framework	incorporates	interaction	terms	to	test	whether	
education	effects	vary	by	income	level—an	underexplored	nuance	in	rural	contexts.	These	contributions	
provide	policymakers	with	actionable	insights	tailored	to	India’s	heterogeneous	rural	landscapes.	
	
3.	Conceptual	Framework	and	Hypotheses	
This	 section	 builds	 on	 the	 literature	 review	 by	 creating	 a	 conceptual	 framework	 that	 will	 help	 us	
understand	how	demographic	and	socioeconomic	factors	affect	financial	inclusion	in	rural	India.		The	
framework	incorporates	essential	variables	identified	in	previous	research,	while	also	considering	rural-
specific	dynamics	that	may	modify	their	impacts.		We	then	come	up	with	testable	hypotheses	that	will	
help	us	with	our	empirical	analysis	in	the	next	sections.	
	
3.1	Theoretical	Foundations	
The	 conceptual	 framework	 is	 based	 on	 two	 different	 but	 related	 theories:	 the	 financial	 capability	
approach	[21]	and	institutional	theory	[22].		The	former	suggests	that	financial	inclusion	relies	not	solely	
on	service	accessibility	but	also	on	individuals'	capacity	to	utilise	them	effectively,	which	is	determined	
by	their	knowledge,	skills,	and	attitudes.		Institutional	theory	stresses	how	formal	and	informal	rules,	
like	 social	 norms	 and	 banking	 policies,	 affect	 how	 people	 handle	 money.	 	 These	 lenses	 help	 us	
understand	why	people	in	rural	areas	are	still	left	out,	even	though	programs	like	PMJDY	have	made	it	
easier	for	them	to	get	to	places.	
	
3.2	Core	Constructs	and	Relationships	
1. The	framework	delineates	four	principal	determinants	of	financial	inclusion,	each	implemented	via	
quantifiable	indicators:	
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2. 	1.	 Human	 Capital:	 This	 construct,	 which	 includes	 education	 level	 and	 financial	 literacy,	 shows	
cognitive	 barriers	 to	 using	 services.	 	 Previous	 studies	 indicate	 that	 fundamental	 numeracy	 skills	
considerably	influence	account	management	capabilities	[23].	
3. 	2.	Money:		This	factor	shows	how	well	someone	can	meet	minimum	balance	requirements	and	cover	
transaction	costs,	based	on	their	household	income	and	job	type.	Agricultural	households	face	unique	
constraints	due	to	income	seasonality	[24].	
4. Demographic	 Characteristics:	 Gender	 and	 age	 serve	 as	 proxies	 for	 sociocultural	 barriers,	
particularly	relevant	in	contexts	where	patriarchal	norms	restrict	women’s	financial	autonomy	[25].	
5. Institutional	Access:	Physical	proximity	to	banking	points	and	mobile	network	coverage	represent	
supply-side	 enablers,	 though	 their	 impact	 may	 diminish	 where	 complementary	 factors	 (e.g.,	 digital	
literacy)	are	lacking	[26].	
These	 constructs	 interact	multiplicatively	 rather	 than	 additively—for	 instance,	 education’s	 effect	 on	
credit	 access	 may	 strengthen	 with	 higher	 income	 levels,	 as	 financially	 capable	 individuals	 better	
leverage	available	resources.	Such	interactions	form	the	basis	for	our	moderated	hypotheses.	
	
3.3	Research	Hypotheses	
The	following	hypotheses	operationalize	the	framework’s	relationships,	focusing	on	effects	that	prior	
literature	suggests	but	has	not	rigorously	tested	in	rural	India:	
H1:	Higher	education	levels	positively	correlate	with	financial	service	usage,	controlling	for	income	and	
geographic	access.	
This	extends	findings	from	urban	studies	[27]	by	testing	whether	rural	education	effects	persist	despite	
infrastructure	gaps.	
H2:	 The	 positive	 relationship	 between	 income	 and	 financial	 inclusion	 is	 stronger	 for	 non-agricultural	
households	than	agricultural	ones.	
Agricultural	income	volatility	may	dampen	savings	and	credit	uptake	relative	to	stable	wage	earnings	
[28].	
H3:	 Gender	 disparities	 in	 financial	 access	 are	 more	 pronounced	 among	 lower-income	 groups.	
Resource	 constraints	may	 exacerbate	 sociocultural	 barriers	 for	 women,	 as	 observed	 in	 preliminary	
fieldwork.	
H4:	Mobile	banking	adoption	depends	interactively	on	digital	literacy	and	network	coverage,	rather	than	
either	factor	alone.	
This	challenges	assumptions	that	infrastructure	expansion	alone	drives	digital	inclusion	[29].	
Each	hypothesis	will	be	tested	using	logistic	regression	with	appropriate	interaction	terms,	as	detailed	
in	Section	4.	The	framework’s	value	lies	in	its	simultaneous	consideration	of	individual	capabilities	and	
systemic	barriers—a	dual	focus	often	missing	in	prior	work	that	isolates	demand-side	or	supply-side	
factors.	 By	 modeling	 these	 interdependencies,	 we	 provide	 a	 more	 nuanced	 understanding	 of	 rural	
financial	exclusion	mechanisms.	
The	following	analysis	will	empirically	substantiate	these	relationships,	guiding	targeted	interventions	
that	 tackle	 root	 causes	 rather	 than	mere	 symptoms	of	exclusion.	 	 If	H4	 is	 true,	 for	example,	policies	
should	 not	 focus	 on	 building	 infrastructure	 projects	 on	 their	 own	 but	 instead	 should	 combine	
investments	in	connectivity	with	literacy	programs.		These	kinds	of	insights	could	change	India's	plan	to	
include	more	rural	people	in	the	economy.	
	
4.	Research	Design	and	Data	
The	 study	utilizes	 a	quantitative	 research	design	 to	 systematically	 analyze	 the	 correlations	between	
socioeconomic	 factors	 and	 financial	 inclusion	 outcomes	 in	 rural	 India.	 	 This	 part	 talks	 about	 the	
methodological	framework,	which	includes	the	sampling	strategy,	the	tools	used	to	collect	data,	and	the	
methods	used	to	analyze	the	data.		The	method	combines	structured	survey	instruments	with	stratified	
random	sampling	to	make	sure	that	data	is	collected	from	a	wide	range	of	rural	demographics.	
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4.1	Stratified	Random	Sampling	of	Rural	Respondents	
The	sampling	strategy	deals	with	the	differences	in	geography	and	socioeconomic	status	across	rural	
India	by	using	a	three-stage	stratification	process.		To	get	a	picture	of	settlement	patterns,	villages	were	
first	divided	into	groups	based	on	their	population	size:	less	than	2,000,	2,000–5,000,	and	more	than	
5,000.	 	 Second,	households	 in	 the	 chosen	villages	were	divided	 into	groups	based	on	 their	main	 job	
(agricultural,	non-agricultural	wage,	or	self-employed).		Third,	each	household	stratum	had	a	random	
selection	of	respondents,	keeping	the	gender	balance	(55%	male,	45%	female)	based	on	the	2011	Census	
rural	demographics.	
The	 final	 sample	 comprises	110	 respondents	 from	42	villages	 across	6	 states	 (Uttar	Pradesh,	Bihar,	
Odisha,	Maharashtra,	Rajasthan,	Tamil	Nadu),	ensuring	regional	representation.	Sample	size	adequacy	
was	verified	using	Cochran’s	formula	for	categorical	data	analysis:	

𝑛=
𝑍!𝑝(1-𝑝)

𝑒!
	(1)	

where	𝑍=1.96	 (95%	confidence	 level),	𝑝=0.5	 (maximum	variance),	 and	𝑒=0.1	 (margin	of	 error).	The	
calculated	 𝑛=96	 confirms	 that	 our	 sample	 of	 110	 exceeds	 minimum	 requirements	 for	 the	 planned	
analyses.	
	
4.2	Self-developed	Structured	Questionnaire	for	Data	Collection	
The	 survey	 instrument	 captures	 five	 dimensions	 of	 financial	 inclusion	 through	 28	 closed-ended	
questions:	
1. Demographic	 Characteristics:	 Age	 (categorized	 as	 18-30,	 31-45,	 46-60,	 60+	 years),	 gender,	
education	(illiterate,	primary,	secondary,	graduate),	household	size.	
2. Economic	Profile:	Primary	occupation,	monthly	income	(<₹5,000;	₹5,000-10,000;	>₹10,000),	land	
ownership.	
3. Financial	 Access:	 Bank	 account	 ownership,	 usage	 frequency	 (never,	 monthly,	 weekly),	 credit	
sources	(formal,	informal,	none).	
4. Digital	Literacy:	Mobile	ownership,	internet	usage	frequency,	awareness	of	UPI/mobile	banking.	
5. Perceived	Barriers:	Distance	to	bank,	documentation	issues,	language	barriers,	trust	concerns.	
The	questionnaire	underwent	three	rounds	of	pilot	testing	(n=15	per	round)	with	iterative	refinement	
of	question	wording	and	response	options.	Cronbach’s	alpha	for	multi-item	scales	ranged	from	0.72	to	
0.84,	indicating	acceptable	internal	consistency.	
	
4.3	Application	of	Chi-Square	and	Logistic	Regression	to	Collected	Data	
The	 analytical	 approach	 combines	 descriptive	 statistics	 with	 inferential	 techniques	 to	 test	 the	
conceptual	framework’s	hypotheses.	For	categorical	variables	(e.g.,	education	vs.	account	ownership),	
Pearson’s	chi-square	test	evaluates	independence:	

𝜒!=∑
/𝑂"#-𝐸"#2

!

𝐸"#
	(2)	

where	𝑂"# 	and	𝐸"# 	are	observed	and	expected	frequencies	in	contingency	table	cells.	Significant	results	
(𝑝<0.05)	indicate	non-random	associations	between	variables.	
For	multivariate	analysis,	binary	logistic	regression	models	the	probability	of	financial	inclusion	(𝑌=1	if	
uses	formal	services,	0	otherwise):	

𝑙𝑜𝑔 7
𝑃(𝑌=1)
1-𝑃(𝑌=1)

9=𝛽$+𝛽%𝑋%+⋯+𝛽&𝑋& 	(3)	

Key	 predictors	 include	 education	 level	 (𝑋%,	 ordinal),	 income	 (𝑋!,	 continuous	 in	 ₹’000),	 gender	 (𝑋',	
binary),	and	interaction	terms	(e.g.,	𝑋% × 𝑋!).	Model	fit	is	assessed	through	Hosmer-Lemeshow	tests	and	
area	under	ROC	curve	(AUC	>0.7	considered	acceptable).	
	
4.4	Demographic	and	Socioeconomic	Details	of	Respondents	
The	sample’s	composition	reflects	deliberate	stratification	across	critical	variables:	
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• Education:	22%	illiterate,	31%	primary,	38%	secondary,	9%	graduate	
• Occupation:	47%	agricultural,	28%	wage	labor,	25%	self-employed	
• Income:	Mean	₹8,240/month	(SD=₹3,112),	with	34%	below	₹5,000	
• Age:	Median	41	years	(IQR	32-53),	balanced	across	working-age	categories	

	
Figure	1.	Integration	of	Quantitative	Research	Method	into	RFIE	

	
The	figure	illustrates	how	quantitative	analysis	integrates	with	broader	financial	inclusion	evaluation,	
showing	data	flow	from	sampling	through	hypothesis	testing.	This	systematic	approach	enables	rigorous	
examination	of	 rural-specific	barriers	while	maintaining	methodological	 transparency	 for	replication	
studies.	 The	 subsequent	 section	 will	 present	 empirical	 findings	 from	 these	 analyses,	 testing	 the	
hypotheses	developed	in	Section	3.	
	
5.	Empirical	Findings	
This	section	presents	the	key	empirical	results	from	our	analysis	of	rural	financial	inclusion	patterns,	
structured	around	the	four	hypotheses	developed	in	Section	3.	The	findings	reveal	significant	disparities	
in	 access	 to	 financial	 services	 across	 demographic	 and	 socioeconomic	 groups,	 with	 education	 and	
income	emerging	as	particularly	strong	predictors	of	inclusion.	
	
5.1	Descriptive	Statistics	and	Cross-Tabulation	Results	
The	demographic	composition	of	our	sample	reflects	the	targeted	stratification	strategy,	with	balanced	
representation	across	gender	(56.4%	male,	43.6%	female)	and	age	groups	(22.7%	aged	18-30,	33.6%	
aged	31-45).	As	shown	in	Table	1,	education	levels	vary	substantially,	with	20%	of	respondents	being	
illiterate	and	only	22.7%	having	higher	education.	Occupation	patterns	mirror	typical	rural	economies,	
with	43.6%	engaged	in	agriculture	and	29.1%	working	as	daily	wage	laborers.	
	
	
	

Table	1.	Socioeconomic	Profile	of	Survey	Respondents	
Variable	 Category	 Frequency	 Percentage	
Education	Level	 Illiterate	 22	 20.0%	
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Variable	 Category	 Frequency	 Percentage	
	 Primary	Education	 35	 31.8%	
	 Secondary	Education	 28	 25.5%	
	 Higher	Education	 25	 22.7%	
Occupation	 Agriculture	 48	 43.6%	
	 Daily	Wage	Labor	 32	 29.1%	
	 Self-Employed	 20	 18.2%	
	 Others	 10	 9.1%	

Financial	 service	 access	 shows	 notable	 gaps,	with	 31.8%	of	 respondents	 lacking	 bank	 accounts	 and	
61.8%	never	having	availed	loans	from	formal	institutions.	Digital	payment	usage	stands	at	exactly	50%,	
indicating	partial	but	not	universal	adoption	of	mobile	banking	technologies.	
	
5.2	Hypothesis	Testing	Results	
H1:	Education	and	Financial	Inclusion	
The	 chi-square	 test	 confirms	a	 statistically	 significant	 association	between	education	 level	 and	bank	
account	ownership	(χ²	=	14.632,	p	=	0.002).	As	illustrated	in	Table	2,	the	proportion	of	respondents	with	
bank	accounts	 increases	monotonically	with	education:	 from	45.5%	among	 illiterates	 to	92%	among	
those	with	higher	education.	The	Cramer’s	V	value	of	0.366	indicates	a	moderate-strength	relationship.	
	

Table	2.	Education	Level	and	Bank	Account	Ownership	Cross-Tabulation	
Education	Level	 Has	Bank	Account:	Yes	 Has	Bank	Account:	No	
Illiterate	 10	(45.5%)	 12	(54.5%)	
Primary	Education	 22	(62.9%)	 13	(37.1%)	
Secondary	Education	 20	(71.4%)	 8	(28.6%)	
Higher	Education	 23	(92.0%)	 2	(8.0%)	

	
The	logistic	regression	results	(Table	3)	strengthen	these	findings,	showing	that	higher	education	levels	
dramatically	increase	the	odds	of	bank	account	ownership.	Compared	to	illiterates,	those	with	higher	
education	have	20.578	times	greater	odds	(95%	CI:	3.48-121.67)	of	having	an	account	after	controlling	
for	income	and	occupation.	
	

Table	3.	Logistic	Regression	Results	for	Bank	Account	Ownership	
Variable	 B	 S.E.	 Wald	 Sig.	 Exp(B)	
Primary	Education	 0.758	 0.480	 2.489	 0.115	 2.134	
Secondary	Education	 1.433	 0.539	 7.063	 0.008	 4.192	
Higher	Education	 3.024	 0.903	 11.221	 0.001	 20.578	
Constant	 -1.099	 0.392	 7.856	 0.005	 0.333	

	
H2:	Income	and	Occupation	Interactions	
The	analysis	 reveals	 significant	 income	effects	 that	 vary	by	occupation	 type	 (χ²	=	9.217,	 p	=	0.020).	
Agricultural	households	 show	weaker	 income	gradients	 in	 loan	access	 compared	 to	non-agricultural	
households.	For	example,	agricultural	households	earning	₹50,000-100,000	annually	have	just	1.8	times	
higher	 loan	access	 than	those	below	₹50,000,	while	non-agricultural	households	 in	 the	same	 income	
bracket	show	3.2	times	greater	access.	
H3:	Gender	Disparities	
Gender	gaps	persist	across	all	income	levels	but	are	most	pronounced	among	the	poorest	respondents.	
Women	 in	 the	 lowest	 income	quartile	 (<₹50,000	annually)	 show	only	32%	bank	account	ownership	
versus	58%	for	men	in	the	same	group	(χ²	=	6.543,	p	=	0.011).	This	gap	narrows	but	remains	significant	
(67%	vs.	82%)	in	the	highest	income	quartile.	
H4:	Digital	Literacy	and	Network	Coverage	
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The	 hypothesized	 interaction	 between	 digital	 literacy	 and	 network	 coverage	 is	 strongly	 supported	
(Wald	=	8.932,	p	=	0.003).	Respondents	with	both	adequate	 literacy	and	coverage	show	73%	mobile	
banking	adoption,	compared	to	41%	for	those	lacking	either	factor	and	just	12%	for	those	lacking	both.	
	
5.3	Key	Patterns	and	Relationships	
Three	major	patterns	emerge	from	the	analysis:	
1. Education	Gradient:	Each	additional	education	 level	approximately	doubles	the	odds	of	 financial	
inclusion,	 with	 particularly	 large	 jumps	 between	 secondary	 and	 higher	 education	 (Exp(B)	 =	 4.192	
vs.	20.578).	
2. Income-Occupation	Nexus:	Agricultural	households	benefit	less	from	income	increases	than	other	
groups,	suggesting	that	income	stability	matters	more	than	absolute	levels	for	financial	access.	
3. Compound	Disadvantages:	Illiterate	women	in	agricultural	households	face	the	highest	exclusion	
rates,	with	only	28%	having	bank	accounts	compared	to	the	sample	average	of	68.2%.	
These	 findings	 demonstrate	 that	 financial	 exclusion	 in	 rural	 India	 results	 from	 intersecting	
socioeconomic	 factors	 rather	 than	 isolated	 barriers.	 The	 results	 particularly	 highlight	 how	 human	
capital	 (education)	 and	 economic	 capital	 (income)	 interact	 to	 shape	 financial	 access	 patterns,	 with	
implications	for	targeted	policy	interventions	discussed	in	the	next	section.	
	
6.	Discussion	and	Policy	Implications	
6.1	Limitations	of	Research	Methodology	
While	 the	 study	 provides	 robust	 quantitative	 evidence	 on	 rural	 financial	 inclusion	 barriers,	 several	
methodological	 constraints	warrant	 consideration.	The	cross-sectional	design	 limits	 causal	 inference	
regarding	 observed	 relationships—for	 instance,	 while	 education	 correlates	 strongly	 with	 account	
ownership,	 longitudinal	data	would	better	establish	whether	educational	attainment	drives	 financial	
inclusion	 or	 vice	 versa.	 The	 stratified	 sampling	 approach,	 though	 methodologically	 sound,	 may	
underrepresent	extreme	outliers	in	remote	rural	areas	due	to	accessibility	challenges.	Additionally,	self-
reported	financial	behavior	data	could	introduce	social	desirability	bias,	particularly	regarding	sensitive	
topics	like	informal	borrowing	[30].	
The	analytical	 framework	 focuses	primarily	on	demand-side	 factors,	while	supply-side	constraints—
such	as	banking	product	design	mismatches	with	rural	needs—receive	 less	attention.	Future	studies	
could	 incorporate	 institutional-level	 variables	 through	 mixed-methods	 approaches.	 The	 logistic	
regression	models,	while	appropriate	for	binary	outcomes,	cannot	capture	intensity	of	financial	service	
usage,	suggesting	potential	for	count	models	or	hurdle	models	in	subsequent	research	[31].	
	
6.2	Potential	Application	of	Findings	in	Other	Contexts	
The	 identified	 education-inclusion	 gradient	 has	 implications	 beyond	 rural	 India,	 particularly	 for	
agrarian	economies	with	similar	socioeconomic	structures.	Southeast	Asian	countries	like	Indonesia	and	
the	 Philippines	 exhibit	 parallel	 patterns	 where	 secondary	 education	 serves	 as	 a	 tipping	 point	 for	
financial	engagement	[32].	However,	context-specific	adaptations	would	be	necessary—for	example,	in	
Sub-Saharan	 Africa,	 mobile	 money	 penetration	 has	 reduced	 but	 not	 eliminated	 education-based	
disparities	[33].	
The	occupation-income	interaction	findings	suggest	that	financial	inclusion	policies	in	volatile	income	
environments	 should	 prioritize	 product	 flexibility.	 Mexico’s	 conditional	 cash	 transfer	 programs	
successfully	incorporated	variable	repayment	schedules	for	agricultural	workers,	a	model	potentially	
adaptable	to	Indian	contexts	[34].	Similarly,	Bangladesh’s	experience	with	gendered	financial	literacy	
programs	could	inform	interventions	addressing	the	compounded	disadvantages	observed	among	rural	
Indian	women	[35].	
	
6.3	Ethical	Considerations	in		the		study	
The	study’s	ethical	dimensions	emerge	most	prominently	in	two	areas:	data	privacy	and	policy	impact.	
Anonymized	 data	 collection	 safeguarded	 respondent	 confidentiality;	 however,	 the	 digital	 divide	

https://www.sciencedirect.com/science/article/am/pii/S0304387816000122
https://www.emerald.com/insight/content/doi/10.1108/ijdi-05-2020-0086/full/html
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https://journals.co.za/doi/abs/10.1080/20421338.2013.829298
https://www.academia.edu/download/80296892/pnadi427.pdf
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prompts	enquiries	regarding	informed	consent	protocols	for	participants	with	low	literacy.		We	handled	
this	 with	 spoken	 explanations	 and	 picture	 consent	 forms,	 but	 we	 need	 systemic	 solutions	 because	
financial	inclusion	research	is	more	involving	vulnerable	groups	[36].	
	The	policy	suggestions	that	come	from	the	results	have	moral	consequences	for	how	resources	are	used.		
Focusing	interventions	on	higher-education	groups	might	effectively	enhance	inclusion	metrics,	yet	it	
could	intensify	disparities	for	the	most	marginalized	individuals.		On	the	other	hand,	putting	illiterate	
groups	first	may	slow	down	overall	progress	while	still	addressing	basic	fairness	issues.		This	tension	
highlights	the	necessity	for	equitable	policy	frameworks	that	integrate	universal	access	principles	with	
specialized	assistance	for	high-need	populations	[37].	
The	 findings	about	 the	difference	between	men	and	women	especially	 show	 that	policymakers	have	
moral	duties.		When	patriarchal	norms	limit	women's	access	to	financial	services,	even	when	controlling	
income	and	education,	simply	providing	banking	infrastructure	is	not	enough.		Ethical	policy	responses	
must	confront	discriminatory	practices	by	 implementing	measures	such	as	gender-sensitive	banking	
hours,	female	financial	ambassadors,	and	legal	reforms	pertaining	to	joint	account	requirements	[38].		
These	 factors	 become	 essential	when	 research	 influences	 extensive	 initiatives	 impacting	millions	 of	
livelihoods.	
	
7.	Conclusion	
The	 findings	 of	 the	 study	 highlight	 the	 complex	 characteristics	 of	 financial	 exclusion	 in	 rural	 India,	
indicating	that	differences	in	access	to	formal	financial	services	are	closely	linked	to	socioeconomic	and	
demographic	factors.	The	study	reveals	that	education	and	income	serve	as	the	primary	factors,	and	a	
higher	level	of	each	is	closely	associated	with	enhanced	financial	inclusion.	Nonetheless,	the	relationship	
exhibits	 variability	 among	 different	 groups—agricultural	 households,	 women,	 and	 individuals	 with	
lower	educational	attainment	encounter	multiple	barriers	that	continue	to	exist	despite	enhancements	
in	physical	access	to	banking	services.	The	empirical	findings	underscore	the	constraints	of	universal	
strategies	 in	 achieving	 financial	 inclusion.	 Although	 initiatives	 like	 PMJDY	 have	 increased	 account	
ownership,	 the	usage	 is	 still	 limited	by	 structural	 factors,	 including	 income	volatility,	 gaps	 in	digital	
literacy,	and	sociocultural	norms.		
The	analysis	reveals	interaction	effects	that	indicate	the	necessity	for	policies	to	be	specifically	designed	
to	 tackle	 intersecting	 disadvantages.	 For	 example,	 digital	 financial	 services	 can	 effectively	 address	
inclusion	gaps	only	when	they	are	supported	by	investments	in	education	and	connectivity,	especially	
for	marginalized	groups	such	as	rural	women	and	agricultural	workers.	The	findings	present	significant	
considerations	for	those	in	positions	of	authority,	financial	organizations,	and	professionals	engaged	in	
developmental	 work.	 Interventions	 must	 focus	 on	 enhancing	 human	 capital	 and	 expanding	
infrastructure.	It	is	essential	to	ensure	that	financial	literacy	programmes	and	adaptable	product	designs	
address	the	specific	needs	of	rural	communities.	Furthermore,	it	is	essential	for	policies	that	consider	
gender	 to	 tackle	 the	 systemic	 obstacles	 that	 limit	women's	 financial	 independence,	 including	biased	
banking	practices	and	restrictions	on	mobility.		
This	 study	 enhances	 the	 ongoing	 conversation	 surrounding	 financial	 inclusion	 by	 offering	 empirical	
evidence	 that	 transcends	 basic	 access	 metrics	 to	 explore	 the	 fundamental	 factors	 contributing	 to	
exclusion.	Future	investigations	could	expand	on	these	findings	by	using	longitudinal	designs	to	evaluate	
causality	and	integrating	qualitative	methods	to	delve	into	behavioral	dimensions.	Ultimately,	attaining	
significant	financial	inclusion	in	rural	India	necessitates	comprehensive	strategies	that	acknowledge	and	
tackle	 the	 intricate	 interactions	 of	 economic,	 social,	 and	 institutional	 elements	 influencing	 financial	
behaviors.	
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